
The Problem: Data That Won't Talk to Itself
Measuring what a college credential is actually worth means putting two records side by side for the same person — what they studied,

and what they went on to earn. Simple in theory. In practice, that data sits in five different state systems, none of which share a format, a

key, or an owner, and all of which carry SSNs and other identifiers that can't just be passed around.

Doing that linkage once, by hand, is a project. Doing it again for every new file and every refresh is where most teams give up. LetsAI's 

Data Collaboration Platform was built for exactly that repeat problem: define the cleansing, validation, anonymisation, and matching

logic once, and let it run itself from then on.

How It Works
One flow, five steps. Education and workforce records each pass through the same automated sequence before they're linked

and handed to the dashboard.
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Cleanse

Messy, multi-source input

becomes one consistent

shape.

→
2

Validate

Bad or non-conforming

records get caught before

they spread.

→
3

Anonymise

SSNs & PII are locked down

before anything moves

downstream.

→
4

Match

Education & workforce

records are linked, person to

person.

→
5

Collect

The linked result lands

straight in the dashboard.

~1.2M
records linked without a single

manual touchpoint
LETSAI CASE STUDY

5
state systems, five different

formats, one pipeline
LETSAI CASE STUDY

5
steps, chained once and reused on

every run
LETSAI CASE STUDY

100%
of runs logged — nothing happens

off the record
LETSAI CASE STUDY

The hard part was never linking the data once. It was surviving the next refresh, and the one after that. That's the part this

platform actually fixes.
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Five states. Two data systems that never spoke to each other. One

automated pipeline that now links them — without a person touching

the handoff. 
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Methodology
None of the five steps are hard-coded to a specific file. Each one is saved as a reusable template, and templates get dropped into a flow in

whatever order the job needs: education and workforce records each pass through Cleanse → Validate → Anonymise → Collect, and a

separate flow takes both anonymised outputs and runs Match → Collect on top. Save a flow once, and it becomes a pipeline that fires on

its own for every future drop — nobody has to rebuild it.

Records In
What went into the pipeline, by source

Education records

~1,005,000

Workforce (wage) records

~200,000

Total processed

~1,205,000 records

Where the Work Happens
Step firings across one full pipeline run

Collection — 3 runs

Cleansing — 2 runs

Validation — 2 runs

Anonymiser — 2 runs

Matching — 1 run

See It In Action

Left: a flow built from saved templates. Right: the same flow's run history, timestamped and traceable step by step.
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What Changed
The platform took ~1.2M records from five states to a working ROI dashboard, with sensitive data protected throughout.

The finished ROI dashboard — always current, since it is fed directly by

the pipeline.

0
manual exports between the pipeline and this dashboard

The net effect: the time, cost, and compliance risk that used to accumulate with every new data drop are replaced by a

pipeline that runs itself.

Want this running on your own data?

The same templates, flows, and pipelines behind this case study can be configured for any multi-

source, multi-state data collaboration problem.

A note on this case study

This is an illustrative scenario built to show how the Data Collaboration Platform works, not a specific named client. The datasets are synthetic and every identifier is

fabricated; the figures describe this demonstration only, not a client's reported results.

Set up once, not every time

Templates and flows are defined a single time, then reused across all

five sources and every refresh.

01

Privacy by default

Anonymisation runs as a pipeline step on every execution, not

dependent on someone remembering to do it.

02

Repeatable matching at scale

The two collections linked cleanly, with a predictable, reviewable

match rate across a million-plus records.

03

Always-current insight

Collection feeds Databricks directly, so the dashboard reflects the

latest run without a manual export.

04

Auditable by design

Every flow logs each step, so results can be traced back to how they

were produced.

05

Let's talk letsai.tech linkedin.com/company/letsai-solutions Co-developed with Paxcel Technologies, LLC
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